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Abstract: The Weather Company (TWC) in USA supplies its weather services to global customers through the cloud computing
services. It can finish tens of billions of data processing, storage and distribution through Amazon web service in an high-

efficiency way. In this paper, we introduce its cloud service strategies, its services on cloud storage, data analysis and its R&D on
cloud computing platform. These experiences could help us on the utilization of cloud service. We can form our own technology,

concept, security policy and cost concept on cloud service by referring to the cloud computing service experiences from TWC.
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Fig. 2 Comparisons of the resources consuming (left), CPU load (middle) and response time (right) between traditional
service and the cloud service
(The up and down rows are traditional service and cloud service respectively. The cloud service system shows the ability
of resources consuming dynamic adjustment, CPU load without bottlenecks and the very low response delay)
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Fig. 3 Comparison of local resources configuration to the
cloud resources configuration
(The dotted line indicates the pre—judgment of the service
demand; the blue line indicates the way of the traditional
deployment of the hardware servers; the red line indicates
the actual demand; the yellow line means the cloud service
mode; the cloud service can be dynamically adjusted
according to the actual demand)
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Fig. 4 Amazon’s resilient architecture
(ELB assigns tasks to EC2 instances evenly; CloudWatch
monitors resources consumption; Auto Scaling starts and
configures EC2 instances automatically when resources
are low)
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Fig. 5 TWC'’s big data analytics platform (Weather FX) for enterprises and government
(Weather FX uses AWS S3 and Redshift to store massive data, achieving quickly storage and an efficient query)
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Fig. 6 The overall layout of the CMA’s meteorological cloud
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