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A Study of Storm-Scale Ensemble Forecast

Kong Fanyou
(Center for Analysis and Prediction of Storms, University of Oklahoma, Norman 73072, USA)

Abstract: Ensemble numerical weather prediction plays essential roles to medium-range weather forecast, and also becomes
more popular in regional short-range weather forecast. Since hazardous convection weather systems have very high nonlinearity,
complex moist microphysics processes, and very high temporal and spatial variation, the numerical prediction for such events
are more challenged. It is thus more desire to employ ensemble technique to storm-scale weather prediction. This paper reviews
key scientific questions, ensemble technique used, current status, main challenges and problems faced in storm-scale ensemble
forecast.
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Fig. 2 Product example from 2010 HWT Spring Forecast Experiment: 6—hourly accumulative precipitation for 12-18
UTC, initiated at 00 UTC 19 May 2010
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