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Abstract: Under the background of global warming, the temporal and spatial characteristics of snowmelt flood disaster are
changing greatly. This paper summarized the progress and development in snowmelt flood monitoring and early warning using
remote sensing technology, and analyzed the challenges the scholars are facing in the application to practice. Secondly, the
prediction effect of the existing snowmelt flood monitoring models and their issues need to be solved were summarized, as well
as the opportunities and challenges in the future research and applications. Thirdly, the open issues of snowmelt flood monitoring
models existing in the application to Xinjiang and Central Asia regions were analyzed. Finally, the research focuses and business
development countermeasures were put forward so as to further improve snowmelt flood monitoring and warning service in
Xinjiang and Central Asia.
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Fig. 1 Distribution of glaciers in Xinjiang and Central Asia (a) and the locations of historical
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Fig. 2 Average number (a) and classification of days (b) with snow cover in Xinjiang

and Central Asia from 2000 to 2016
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Table 1 A series of snow remote sensing products and
their parameters at home and abroad

Yol ) IEZR RREREE ZESBE SEH
NOAA AVHRR 1100 m [56]
*Egi%?ﬁ: Suomi NPP VIIRS 400 m [57-58]
EOS MODIS 500 m [59]
Seasat-A & Nimbus SMMR 25 km
DMSP SSM/I 25 km [60-62]
Aqua AMSR-E 25 km
gﬁig%ﬁ/ GCOM-W1 AMSR2 10 km -
Aqua AMSR-E 10 km
ESA GlobSnow 25 km [64]
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